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Who are they?
Prolific Wikipedians: > 1K edits

Active Wikipedians: Prolific Wikipedians actively contributing  

Missing Wikipedians (WP:MISS): Prolific Wikipedians inactive for ≥ 3 months 

-A missing Wikipedian-

https://en.wikipedia.org/wiki/Wikipedia:Missing_Wikipedians


Missing Wikipedians
● No edits in the calendar year 2020 
● #1146 extracted from WP:MISS

Active Wikipedians
● Similar activity levels as missing Wikipedians
● Still editing (pages that had been once co-edited by missing Wikipedians)
● #2569 extracted
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How to detect those at risk?



Research Questions

-RQ1-
Predict: active Wikipedians at a 

potential risk to leave the platform soon?

Missing vs Active? 

Activity

Linguistic

Quality 

-RQ2-

-Hypothesis-

Early signs of retirement → last trail of their activities 



Feature engineering

Activity

Quality

Linguistic

SOTA Models

Edits in different namespaces

Count of major and minor edits

Length of the edits

Span of contribution  

ORES score of the edits

Count of reverts
Admin score

EMPATH

POS

Sentence embedding
RF

XGBoost
AdaBoost



What do we learn?Prediction outcomes

Feature combination Alias

Activity features G1

POS Tags + Empath G2

Sentence vector G3

Admin score G4

Revert count G5

So: we can indeed find Wikipedians 
at risk with 82% accuracy

Most predictive: Activity + Quality 
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What are the indicators?



What is article quality?
An indication: how good an Wikipedia article is?

● Comprehensible

● Well-organized

● Readable

● Well-referenced

-Quality class-

FA, A, GA, B, C, Start, Stub



Whatz the problem?

-Very few “good” quality articles-

https://en.wikipedia.org/wiki/Wikipedia:Content_assessment

-Close to 50% articles are start/stub-

https://en.wikipedia.org/wiki/Wikipedia:Content_assessment


Lifecycle

-RQ1-

https://en.wikipedia.org/wiki/Wikipedia:Content_assessment

How do the Wikipedia articles transition 
through different quality states over time? How to detect the dynamic change in article quality? 

-RQ2-

https://en.wikipedia.org/wiki/Wikipedia:Content_assessment


Data
Quality class Count

FA 3536

A 511

GA 5780

B 5335

C 4884

Start 5469

Stub 5321

Total 30826

Old Class New Class Count

FA FA 3536

A, GA AGA 6291

B, C BC 10219

Start, Stub SS 10780



Evolution - I

-Only promotion- -Only demotion-

-No change (51.73%)-



Evolution - II

2014 - 20192010 - 2014



Cyclic switches
FA B FA

Size 3 switches < 15 days

Distribution of different 
sized cyclic switches

Cyclic switch “war”?
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How to detect?



Change point detection (CPD)

Change point Change point

Multivariate change point detection algorithms

Binary segmentation (BinSeg)
Pruned Exact Linear Time (PELT)

Non-parametric CPD (ECP)



Features

#registered editors of talk page
 
#unregistered editors of talk page 

#registered editors of article page 

#unregistered editors of article page 

Mean/variance time between two consecutive 
revisions of talk pages

Mean/variance time between two consecutive 
revisions of article pages

#Revisions of the talk pages

#Revisions of the main pages

article length in bytes
 
#references in the article

#hyperlinks in the article

#categories in the article text

#citation templates

#non-citation templates

?infobox

#images/article length

#level 2 headings

#level 3+ headings

Readability

noise

Contribution based (Gc)

Activity based (Ga)

Content based based (Gp)

Time series features of revisions of a page



Framework

Activity based (Ga)

1st 
revisi
on 2nd 

revisi
on Nth

revisi
on

 Revision history for   
page P (month wise) Change Point 

DetectionCalculate Covering, Precision 
and Recall for page P

Representation of 
page P as time series

Blue line- ground truth
Red lines- predicted change points

…
.

Contribution based (Gc)

Content based based (Gp)



Key featuresResults

Set 1: at least one change point in the ground truth reality

Set 2: articles that got promoted to the FA class at least once

mean/ variance of time elapsed between two 

consecutive revisions of talk pages 

#revisions of the talk pages

#revisions of article  pages

presence of “difficult words” → ‘xenon’, ‘pipeline’, 

‘anole’, ‘touchdown’, ‘epilepsy’, ‘carfilzomib’.
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