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CITIZEN SCIENCE

"Dataon
Wings

A modest effort to enlist amateur bird-watchers in the
cause of ornithology wound up producing a fire hose of
data and helping rewrite the rules of science

By Hillary Rosner

IN BRIEF

Automated-sensor networks monitor much of our A field called citizen sclence, which involves public  ration with the National Audubon Sodisty, eBird is
environment, but some data collection in the digtal  participation in ressarch, marshaks laypeople’s obser-  one of the most mature such efforts. It and = ilk have
age still requires the efforts and close analyses of pha-  vations, often by way of high-tech consumer devices  yieldad academic-caliber resuks in astronomy, com-
lanxes of contaxt-sensitive human beings who can  and machines. puter science and p\.bllc healh while giving skilled
help soive problems of scale. Based at the Cornell Lab of Omithology.in collsbo-  amateurs ntrib

February 2013, ScientificAmerican.com 69

Rosner, H. Data on Wings. Scientific American 308, 68-73 (14 January 2013).
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: Spending winter oesmen..
Changesin - farther north

- " - AS o 1MPaature across the U S has gotien wamer
thCWlhtC' from 1966 10 2005, many bird Species are spendng
their winters tanher north

Ranges of Chrange in winte destination
e 20 species with the most movement
Birds

www.christmasbirdcount.org




@ PROJECTS ABOUT GET INVOLVED TALK BUILD A PROJECT

Galaxy Zoo @

GALAXY ZOO STATISTICS

70% Complete

Volunteers Classifications

WORDS FROM THE RESEARCHER

"In the decade the project

has been running, Galaxy
Zoo volunteers have
helped understand the
Universe and made
spectacular discoveries.
We hope you'll join us for
the next stage of the
adventure. "

ABOUT

Subjects

ABOUT GALAXY Z0OO

To understand how galaxies formed we need your help to
classify them according to their shapes. If you're quick, you
may even be the first person to see the galaxies you're asked

to classify.
Look at telescope images of distant galaxies.

Explore the sky. what will you find?

okeeper/galaxy-zoo/

SIGN IN REGISTER

CLASSIFY TALK COLLECT

Completed Subjects
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arXiv.org > astro-ph > arXiv:0907.4155

Astrophysics > Cosmology and Extragalactic Astrophysics

Galaxy Zoo Green Peas: Discovery of A Class of Compact Extremely
Star-Forming Galaxies

Carolin N. Cardamone, Kevin Schawinski, Marc Sarzi, Steven P. Bamford, Nicola Bennert, C. M. Urry, Chris Lintott,
William C. Keel, John Parejko, Robert C. Nichol, Daniel Thomas, Dan Andreescu, Phil Murray, M. Jordan Raddick,
Anze Slosar, Alex Szalay, Jan VandenBerg

(Submitted on 23 jul 2009)

We investigate a class of rapidly growing emission line galaxies, known as "Green Peas", first noted by volunteers in
the Galaxy Zoo project because of their peculiar bright green colour and small size, unresolved in SDSS imaging.
Their appearance is due to very strong optical emission lines, namely [O 1ll]) 5007 A, with an unusually large
equivalent width of up to ~1000 A. We discuss a well-defined sample of 251 colour-selected objects, most of which
are strongly star forming, although there are some AGN interlopers including 8 newly discovered narrow Line Seyfert
1 galaxies. The star-forming Peas are low mass galaxies (M~10A8.5 - 10A10 M_sun) with high star formation rates
(~10 M_sun/yr), low metallicities (log[O/H] + 12 ~ 8.7) and low reddening (E(B-V) < 0.25) and they reside in low
density environments. They have some of the highest specific star formation rates (up to ~10A{-8} yrA{-1}) seen in
the local Universe, yielding doubling times for their stellar mass of hundreds of Myrs. The few star-forming Peas with
HST imaging appear to have several clumps of bright star-forming regions and low surface density features that may
indicate recent or ongoing mergers. The Peas are similar in size, mass, luminosity and metallicity to Luminous Blue
Compact Galaxies. They are also similar to high redshift UV-luminous galaxies, e.g., Lyman-break galaxies and
Lyman-alpha emitters, and therefore provide a local laboratory with which to study the extreme star formation
processes that occur in high-redshift galaxies. Studying starbursting galaxies as a function of redshift is essential to
understanding the build up of stellar mass in the Universe.

Comments: 18 pages, including 13 figures and 4 tables, Accepted for publication by MNRAS
Subjects: Cosmology and Extragalactic Astrophysics (astro-ph.CO); Galaxy Astrophysics (astro-ph.GA)
Cite as: arXiv:0907.4155 [astro-ph.CO]

(or arXiv:0907.4155v1 [astro-ph.CO] for this version)

https://arxiv.org/abs/0907.4155

Search or Article-id
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INFORMATION TECHNOLOGY

SCIENCE2.0

BY M. MITCHELL WALDROP

| Fle B Viw Favertes Tods

Waldrop, M. Science 2.0.

Scientific American 298, 68-73 (May 2008).

PN IRAE

ities rapidly transformed retailing and informa-
tion search. More recent attributes such as blog-
ging, tagging and social networking, dubbed Web 2.0,
have just as quickly expanded people’s ability not just
to consume online information but to publish it, edit it
and collaborate about it—forcing such old-line institu-
tions as journalism, marketing and even politicking to
adopt whole new ways of thinking and operating.
Science could be next. A small but growing number
of researchers (and not just the younger ones) have be-
gun to carry out their work via the wide-open tools of
Web 2.0. And although their cfforts are still too scat-
tered to be called a movement—yet—their experiences
to date suggest that this kind of Web-based “Science
2.0” isnot only more collegial than traditional science
but considerably more productive.
“Science happens not just because of people doing
experiments but because they’re discussing those ex-

T he first generation of World Wide Web capabil-

Is posting raw
results online,
for all to see,
agreat tool or
great risk?

T

KEY CONCEPTS

Scdence 2.0 generally re-
fers to new practices of
sclentists who post raw
experimental results, na-
scent theories, claims of
discovery and draft papers

periments,” explains Christopher Surridge, managing on the Web for others to
editor of the Web-based journal Public Library of Sci- see and comment on.
ence On-Line Edition (www.plosone.org). Critiquing, = Proponents say these

suggesting, sharing ideas and data—this communica-
tion is the heart of science, the most powerful tool ever
invented for correcting errors, building on colleagues’

“open access” practices
make sclentific progress
more collaborative

work and fashioning new knowledge. Although the and therefore more
classic peer-reviewed paper is important, says Sur- productive.
ridge, who publishes a lot of them, “they’re effectively = Critics say sclentists who

just snapshots of what the authors have done and
thought at this moment in time. They are not collab-
orative beyond that, except for rudimentary mecha-
nisms such as citations and letters to the editor.”

Web 2.0 technologics open up a much richer dia-
logue, says Bill Hooker, a postdoctoral cancer re-
searcher at the Shriners Hospital for Children in Port-
land, Ore., and author of a three-part survey on open-

put preliminary findings
online risk having others
copy or exploit the work to
gain credit or even patents.

Despite pros and cons,
Science 2.0 sites are begin-
ning to proliferate; one
notable example Is the

science cfforts that appeared at 3 Quarks Daily OpenWetWare project
(www.3quarksdaily.com), where a group of bloggers started by blological engl-
write about science and culture. “To me, opening up neers at the Massachusetts
my lab notebook means giving people a window into Institute of Technology.

what I’'m doing every day,” Hooker says. “That’s an
immense leap forward in clarity. In a paper, I can sce

—The Editors

scienTiFic american 69
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SCI ENTIFIC Hello, nmiyairi (sign out) KEY CONCEPTS
™ Searck Seientifictmericaone » Science 2.0 generally re-
AMERICAN -

fers to new practices of

scientists who post raw
w News & Features Topics Blogs Videos & Podcasts Education Cr -
experimental results, na-

More Science Edit This January 9, 2008 139 Comments & Email & Print

scent theories, claims of
discovery and draft papers

Science 2.0: Great New Tool, or Great on the Web for others to

3 v
Risks: see and comment on.
Wikis, blogs and other collaborative web technologies could usher in a new era of science. Or
not. » Proponents say these
By M. Mitchell Waldrop - ~ " .
,&’ S open access practlces
Welcome to a Scientific American ’ : 3 S ~\ make scientific proaress
journalism,” in which I[ \ maore collgborative
readers—you—get to collaborate withy Edit This is your chance to take “ and therefore more
. . partin the creation of a feature :
;he author to give a story its final I article for an upcoming issue of I pI’OdUCtIVE.
orm. “ Scientific American. " L .
/ w Critics say scientists who

The article, below, is a particularly apt\\ Help us shape the contentby

candidate for such an experiment: it's \\adding your questions and ,, put ptelfmlnary flndlngs
my feature story on "Science 2.0," e pelow. 7 online risk having others
which describes how researchers are ST copy or exploit the work to
beginning to harness wikis, blogs and . .

1 I .
other Web 2.0 technologies as a Pintt g credit or even patents
potentially transformative way of Image: = De spi te pros an d cons,

doing science. The draft article

appears here, several months in Science 2.0 sites are begin-

advance of its print publication, and we are inviting you to comment on it. n mg top roliferate; one
Your inputs will influence the article’s content, reporting, perhaps even notable ex ampl eis the
its point of view. .

P OpenWetWare project
So consider yourself invited. Please share your thoughts about the started by biological engi-
promise and peril of Science 2.0.—just post your inputs in the Comment neers at the Massachusetts

section below. To help get you started, here are some questions to mull
over:

Institute of Technology.




FEBR1E

RISK OF BEING
SCOOPED

Dr. Monica: My first thought was, no
way am | making my scientific
ruminations public property. I've
learned over the years that this is

a sure way to have those ideas appear
insomeone else's work! However,
many practical and useful
applications come to mind.

Funklord: The issue is not that
someone is just going to replicate
your work and claim credit. The issue
is, What if they are able to reach the
eureka moment faster than you are?

'<ﬁ:%$ﬁ

EStE

NO PROXY FOR
PEER REVIEW

Darren: One of the big positives of
the current journal system is peer
review: Science 2.0 needs a
reputation-management system, a
central database responsible for
tracking the reputation of those
participating in the online community.

wilbanks: Blogs and wikis are the
digital equivalents of the hallway
conversations at a conference or a lab
meeting, but they are a long way from
replacing journals. You don't get
points for making a statement first

in science unless you can prove

that statement.

SEARME

+—T>

EXPANDED
OPENNESS

Deadlyvices: Web 2.0 has fantastic
potential to open up science to
everyone, not just tenured academics.
Perhaps if intelligent laypeople had a
greater opportunity to contribute,
there would be less public disaffection
with science.

Richaa: One reason | left science
after my Ph.D. was the isolationist
culture. One scientist told me | had
too many interests to be successful in
physics research. | decided to take
that as a compliment. | hope that the
opening of science through Web 2.0
technologies will remove that culture
and bring in valuable interdisciplinary
thinking and collaboration.




Current model Emerging model

Research done privately; then Research data shared during discovery
submitted to journals; then peer- stages; ideas shared; scientists
reviewed by gatekeepers in major collaborate; then findings are

journals; published disseminated online

Scientific literature behind paywalls  Scientific discoveries free online
online

Credit established by name attached How is credit established for

to journal article. contributors?

Data is private until publication Data is shared before publication
Papers generally protected by Many different licenses possible:
copyright copyright, public domain, Creative

Commons 3.0, etc.
Publishers raise funds by charging Publishers seek alternative funding

for access to content models
Journal article summaries available Share methods, data, findings via blogs,
online after publication social networking sites wikis, computer

networking, Internet, video journals

http://en.wikipedia.org/wiki/Science_2.0 1 6
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Price, Derek J. de Solla (1963). Little science, big science. New York: Columbia University Press.




Journal Growth 1665-2014

[Sources: M A Mabe The number and growth of journals Serials 16(2).191-7, 2003; Mabe &
Amin Growth Dynamics of Scholarly and Scientific Journals Scientometrics 51(1) 147-162, 2001]

~cagr346%
R?*=0.9877

No of Hitles launched and stilf extant 2001

Data from Ulrich’s International
Periodicals Directory

Year

Mabe, M. Henry Oldenburg & the 350t Birthday of the Learned Journal. 2015. [presentation]; Photo by Miyairi, N.
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Article Readings 1977 to Present by
Scientists and Social Scientists in the US
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Tenopir, C. Altmetrics and Traditional Metrics: What Do Scholars Use to Judge Quality? Fiesole Collection Development
Retreat, 2013.
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About

4

The Declaration on Research Assessment (DORA) recognizes the need to improve the ways in which the outputs of scholarly
research are evaluated. The declaration was developed in 2012 during the Annual Meeting of the American Society for Cell
Biology in San Francisco. It is a worldwide initiative covering all scholarly disciplines and all key stakeholders including funders,
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Mortality in Puerto Rico
after Hurricane Maria

In the face of inadequate government data on mortality rates
following one of the decade’s biggest catastrophes, researchers
released this new approach to determining the number of
deaths caused by natural disasters.

Published in New England Journal of Medicine
Date July 2018
Subject area Medical & Health Sciences

446 News stories

Bl 51 8log posts High Attention Score compared to
1 Policy document

; 16,847 Tweets

In the top 5% of all research outputs of the same age (99th

21 Facebook posts outputs scored by Altmetric percentile)

5 Wikipedia mentions

12 Google+ posts
B 5 Reddit posts One of the highest-scoring outputs High Attention Score compared to
Bl 1 Qzasite post from this source (#1 of 24,792) outputs of the same age and

source (99th percentile)

130 Readers on Mendeley
18 Citations on Dimensions 24
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Who's Afraid of Peer Review?

A spoof paper concocted by Science reveals little or no scrutiny at many open-access journals

o5 138

Bohannon, J. Who's Afraid of Peer Review? Science (New York, N.Y.) 342, 60—65 (2013).




artificial
intelligence noun

Definition of artificial intelligence

1 :abranch of computer science dealing with the simulation of intelligent behavior
In computers

2 :the capability of a machine to imitate intelligent human behavior

https://www.merriam-webster.com/dictionary/artificial%20intelligence







Al in scholarly communication
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What do you mean by Al?

Al and machine learning are often used interchangeably, especially in
the realm of big data. But these aren’t the same thing, and it is
important to understand how these can be applied differently.

Artificial intelligence is a broader concept than machine learning,
which addresses the use of computers to mimic the cognitive
functions of humans.

Machine learning is a subset of Al and focuses on the ability of
machines to receive a set of data and learn for themselves,

changing algorithms as they learn more about the information they
are processing.

Deep learning goes yet another level deeper and can be
considered a subset of machine learning. The concept of deep
learning is sometimes just referred to as "deep neural networks,"
referring to the many layers involved. A neural network may only

have a single layer of data, while a deep neural network has two
or more.

https://www.datasciencecentral.com/profiles/blogs/artificial-intelligence-vs-machine-learning-vs-deep-learning




What do you mean by AI?

Al (NTHIEE) & #mMFEZ (. FICEYVIT—YDNEFETIFELEL
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ATHIgE (Artificial intelligence) (I#MFEB XD EXLDILE
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—a—SILRY NO—=DFEEDT —H TEMIIUEITH,
gfr—j:l—jﬂ/;i’\“/ NDO—O32BU DT —IMNBDE

https://www.datasciencecentral.com/profiles/blogs/artificial-intelligence-vs-machine-learning-vs-deep-learning




Different branches of Al

deep learning

> machine Iearning

predictive analytics

translation

processing (NLP)

classification & clustering > natural language
information extraction

N

speech to text —r -
P ~~.__speech Artificial Intelligence
text to speech _~ (AI)
expert systems
planning, scheduling & /
optimization
robotics
image recognition o
vision
machine vision >

https://ilovemyarchitect.com/tag/machine-learning/




They have been around

for a while...
ARTIFICIAL
INTELLIGENCE

j;g,;m /ar nnkn_(;_rilllm elligence MACH I N E
LEARNING

DEEP

| LEARNING
MK % MK

1950’s 1960’s 1970’s 1980’s 1990’s 2000’s 2010’s

Since an early flush of optimism in the 1950s, smaller subsets of artificial intelligence - first machine learning, then
deep learning, a subset of machine learning - have created ever larger disruptions.

https://www.datasciencecentral.com/profiles/blogs/artificial-intelligence-vs-machine-learning-vs-deep-learnin



Why now?
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CLOUD MACHINE LEARNING SERVICES COMPARISON

Amazon Microsoft Google IBM M I aas,
|

Automated and semi-automated ML services

Amazon ML M‘”“g{fj:ﬁ)"'eML G°°9'e:;fd‘°"°” 'z’:xfgu"i[‘d?f Machine Iearning as a
rvi ML IS an
Classification \/ \/ \/ S€ ce ( aaS) Sa
array of services that
Regression v v v provide machine learning
Ea— v v tools as part of cloud
computing services.
Anomaly ‘/ .
detection MLaa$S helps clients
Recommendation \/ beneﬁt from maChine
| = learning without the
i cognate cost, time and
Platforms for custom modeling risk of establishing an
‘ R inhouse internal machine
Amazon SageMaker Azure ML Services Google ML Engine Studio .
learning team.
Built-in 7 7
algorithms
TensorFlow,
TensorFlow, MXNet, TensorFlow, scikit- TensorFlow Sp‘ark MLLib,
Supported Keras, Gluon. learp‘lMicrosoft scikit-learni scikit-learn,
frameworks Chainen Toreh | SparkML | XGBoostKeras o itit
SPSS, PMML

arning-as-a-service-amazon- 40

altexsoft

software r&d eng



Machine Learning applications

Image
ggructure Classification
iscovery Fe.a-turg @ Customer
@ Elicitation Fraud ® Retention

Meaningful Detection ®

compression

DIMENSIONALLY * 2
. REDUCTION ® Diagnostics
Big data

Visualisation

® Forecasting

Recommended UNSUPERVISED SUPERVISED
Systems LEARNING LEARNING @ Predictions

CLUSTERING

Targetifed MACHINE ® Process

Marketing Optimization

LEARNING s
@
Customer New Insights
Segmentation

REINFORCEMNET ".
LEARNING |

/' ® Robot Navigation

Real-Time Decisions @ .

Game Al ® ~ @ Skill Aquisition
@
Learning Tasks

http://www.researchinfinitesolutions.com/blog/Machine-learning-Algorithms




Case study: Poper€ digest

FiEmXD [FAZT AN HHEEEY) ZBHEKITDIH—EX

Artificial Intelligence summarizes
academic articles for you

Reducing reading time to 3 minutes!

mE

https://www.paper-digest.com




Paper Digest & (&
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The Ascent of Open Access
https://doi.org/10.6084/m9.figshare.7618751.v2
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Crossref. 2016-17 annual report.
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Paper Digest wins SSP Previews Session
People’s Choice Award

June 12, 2019 - Mount Laurel, N] - At the Society for Scholarly
Publishing (SSP) 41st Annual Meeting held on May 29-31, in San Diego,
CA, Paper Digest was awarded a People's Choice Award for their artificial

intelligence (Al) tool for scholarly coommunications during the SSP Previews Session, New and Noteworthy

Product Presentations.

This “lightning-round” plenary offered the chance to
learn more about the industry’s newest and most
innovative products, platforms, and/or content in 5-
minute, back-to-back presentations. Attendees left with
exposure to a wide breadth of content on new and

updated products of interest to the scholarly publishing

community. After the 13 presentations, attendees were

Pictured from left, David Myers, Dr. Cristian asked to vote via the mobile meeting app for the
Mejia, Nobuko Miyairi, Dr. Yasutomo Takano,  Product, platform, service, or content that would likely
and SSP President, Adrian Stanley have the most positive impact in scholarly

communications.

Paper Digest(dSSPsE41BIFRA=DMRmMEPFICTR/RELRIMIEZD I U,

https://www.sspnet.org/community/news/paper-digest-wins-ssp-previews-session-peoples-choice-award/




Al in scholarly communication
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Al in scholarly communication
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Open Knowledge Map https://openknowledgemaps.org/
Iris.ai https://iris.ai/
Dimensions https://www.dimensions.ai/
Sparrho https://www.sparrho.com/
Quatolio https://quartolio.com/
Get the research https://gettheresearch.org/
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Avisual interface to the world's scientific knowléggerch ~ About ~ Team
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The therapeutic potential of stem cells LINK %

Fiona M Watt, Ryan R Driskell in Watt, F M & Driskell, RR 2010,
The therapeutic potential of stem cells ' Philosophical Transactions
of the Royal Society of London Series B: Biological Sciences , vol
365, no. 1537, pp. 155-63. DOI:10.1098/rstb.2009.0149 (2010-
01-12)

[link]: https://kclpure.kcl.ac.uk/portal/en/publications/the-ther...

In recent years, there has been an explosion of interest in stem
cells, not just within the scientific and medical communities but
also among politicians, religious groups and ethicists. Here, we
summarize the different types of stem cells that have ...

Area: Mesenchymal STEM CELLS, CELL Lineage, Adult STEM CELLS

REVIEW- Biological and reproductive implications of LINK %
stem cell research and therapeutics: prospects in the
Middle East

Mohamed A. Bedaiwy, Noha A. Mousa (2007-02-23)

[link]: http://hdl.handle.net/1807/39513

Objective: To explore the potential ways in which stem cell re-
search is linked to research and clinical aspects of Obstetrics and
Gynecology practice. Moreover, to explore the possible ap-
plications most tailored to the needs and resources of the Midd...

Area: STEM CELL Research, Embryonic STEM CELLS, EMBRYO Research

Notch signaling in the regulation of stem cell self-re- LINK %
newal and differentiation.

J Liu, C Sato, M Cerletti, A Wagers in Curr Top Dev Biol, 92 pp.
367-408. (2070)(2010)




IRIS.AI

I've found this paper for you in: CLOSE X
- 2018 -

Scientific Literature Text Mining and the Case for Open Access

Sarma, Gopal P.

[*| Bookmark 7 Full text link Relevance: 73%
Abstract Details
‘Open access’ has become a central theme of journal reform in academic Journal Title:

publishing. In this article, | examine the relationship between open access
publishing and an important infrastructural element of a modern research
enterprise, scientific literature text mining, or the use of data analytic

Identifiers:
oai:arXiv.org:1611.00097

techniques to conduct meta-analyses and investigations into the scientific Publisher:

corpus. | give a brief history of the open access movement, discuss novel

= . JREs e el - 2 P L) - -l .t (L] L= L Cuilniant M b
D IS THIS PAPER RELEVANT TO YOUR RESEARCH? YES NO
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Cell 1: (1994) 59-66 doi: 10.1016/0092-8674(94)90572-x

Cloning of p27Kip1, a cyclin-dependent kinase
inhibitor and a potential mediator of extracellular
antimitogenic signals

Kornelia Polyak, Mong-Hong Lee, Hediye Erdjument-Bromage, Andrew Koff, James M. Roberts, Paul Tempst, Joan

Massagué
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Our observation that the mitogenic effects of SF/HGF were associated with increased degradation of p27
consistent with known mechanisms concerning contact and serum withdrawal-mediated growth
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You have a results section.

Where no a priori power calculations have been provided, inferential
statistics (e.g. p-values) are not appropriate and should not be
presented; however, descriptive statistics (e.g. averages,
variances/confidence intervals) are appropriate and encouraged.

This section should be titled Conclusions.

You have a conclusions section. Remember to focus on the primary
conclusions and implications. Do not go beyond the data.

Additional Headings

You have included an acknowledgements section.

You have included a section about funding.

BMJ Open Science suggests the following wording: either: 'This work
was supported by [name of funder] grant number [xxx]' or ‘This research
received no specific grant from any funding agency in the public,
commercial or not-for-profit sectors’. You must ensure that the full,
correct details of your funder(s) and any relevant grant numbers are
included.

‘e 1 . ' 1o N . £

diffusion of these compounds throughout the recorded MSN. The
presence of MK-801 (Figure 5C) or EGTA (Figure 5D) blocked the
induction of long-term depression at Pf synapses. These results thus
suggest that Pf synapses exhibit long term plasticity that is
postsynaptically mediated by calcium flowing through NMDA

receptors.

Discussion

The main findings of the present study are that thalamostriatal
synapses with MSNs originating in different parts of the intralaminar
thalamus have markedly different properties. Using an optogenetic
approach in mice we were able to dissociate between the rostral (CL)
and caudal (Pf) intralaminar inputs to MSNs. First, we find that CL
synapses give rise to larger amplitude responses than Pf synapses.
Secondly, CL synapses are facilitating, whereas Pf synapses are
depressing. Thirdly, CL synapses predominantly express postsynaptic
AMPA receptors, whereas Pf synapses are predominantly associated

with postsynaptic NMDA receptors. Finally, the re

Bz v JO—R9BdE ECZBEULUESVWHYDHHLTFTIVIUR M
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figshare for Institutions
_i) Robyn Reed , Maetal. 2016-01-01

to support effective research data figshare for Institutions is an online digital repository designed to allow academic organizations to store,

management with a reduced cost. It removes \X/  manage, and publicly share their research... view more
burdens of research support staff and IT 7] @ Attach
T - + Add to literature list
officers at an institution by providing a
tailored-platform with customizable template L

Research Data Explored II: the Anatomy and Reception of figshare

for setting data license, embargo perIOd' and Peter Kraker , Elisabeth Lexetal. 2015-01-01

other file attributions. As more funders
This is the second paper in a series of bibliometric studies of research data. In this paper, we present an

mandate research data to be shared openly analysis of figshare, one of the largest m... view more

for publicly-funded projects, the demand for a
@ Attach

sustainable and cost effective data sharing + Add to literature list

platform is high.
Research Guides: Research Data Management @ UK: Data Management

Support @ UK
C,hetal. 2014-01-01

Resources and information to help you get started with data management, data preservation, and data
sharing... @
@ Attach

+ Add to literature list
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# Back home Restart tutorial - Back to Al-Writer.com

Article Raw Sentences Sources

Highlight text that has not been rewritten

Rewrite circa 53% of the original text.

How Does Machine Learning Work

Data mining uses a lot of machine learning methods, but with different objectives : on the other hand, machine learning also uses the method of* unattended education® or as a pre-programmed step to
improve the accuracy of the learner .'!

Generalisation in the Gontext is the ability of a learning machine to perform precisely on new and invisible examples after the experience of a data set .1

Although machine learning has been transformed into some fields, it is difficult to learn effectively because the search for patterns is difficult and often not enough training data are available, as a result,
fnany machine learning programmes are not able to provide the desired value .11

Due to such challenges, the effective use of automatic learning can take longer to be used in other areas .""

Amazon wise allows data scientists and developers to quickly and easily build, train and deploy machine learning models with high-performance automated machine learming algorithms, wide-frame
support and a-click workout, tune-up and conclusions .33

New machine learning developers will find the interface more familiar with the traditional code, as machine learning templates can be defined and manipulated like any other data structure .33
Machine learning requires a wide range of powerful computing options, from GPUs to computer-intensive learning, to FPGAs for specialised hardware acceleration, to high-memory instances for

ongoing inference .33

Cited Sources

https://martechtoday.com/how-machine-learning-works-150366 °

https://machinelearningmastery.com/how-machine-learning-algorithms-work/ '

SIAULEDEB>TWWABAXKE, ECSEULTWBRMEYOZE AT D E. Al
MIEZEZ0\T<ND, 59




Springer Nature publishes its first machine-generated
book

Innovative book prototype provides a compelling machine-generated overview about the latest
research on lithium-ion batteries, automatically compiled by an algorithm developed in
collaboration with the Applied Computational Linguistics lab of Goethe University Frankfurt/Main
(Germany)

London | Heidelberg, 02 April 2019

Springer Nature published its first machine-generated book in chemistry. The book prototype
provides an overview of the latest research in the rapidly growing field of Lithium-ion
batteries. The content is a cross-corpus auto-summarization of a large number of current
research articles in this discipline. Serving as a structured excerpt from a huge set of papers, Batteries
the innovative pipeline architecture aims at helping researchers to manage the information oo e b
overload in this discipline efficiently.

Lithium-lon

In close collaboration between Springer Nature and researchers from Goethe University
Frankfurt/Main, a state-of-the-art algorithm, the so-called Beta Writer, was developed to
select, consume and process relevant publications in this field from Springer Nature's content
platform SpringerLink. Based on this peer-reviewed and published content, the Beta Writer uses a similarity-based
clustering routine to arrange the source documents into coherent chapters and sections. It then creates succinct
summaries of the articles. The extracted quotes are referenced by hyperlinks which allow readers to further explore
the original source documents. Automatically created introductions, table of contents and references facilitate the
orientation within the book.

SEDAR, DD [ATHEENRBONEA] HHERENTE,

https://group.springernature.com/la/group/media/press-releases/springer-nature-machine-generated-book/16590134




New Al fake text generator may be too
dangerous to release, say creators

The Elon Musk-backed nonprofit company OpenAl declines to
release research publicly for fear of misuse

A he Al wrote a new passage of fiction set in Ching nf",f;r being fed the opening line of Nineteen Eighty-Four by
Orvy l . Photograph: Mo

@i@(;%ﬂ-}j ctEb bL\B'ZE’cT:E(AI%I] E(E [fEFR] XD TIFAFHIC,

https://www.theguardian.com/technology/2019/feb/14/elon-musk-backed-ai-writes-convincing-news-fiction




Fears that automation will take our jobs are rife, but press officers need not feel threatened by new tools that
translate technical research into lay summaries.

By Ruth Francis

| recently attended a seminar that looked at tools we can use
to help promote research. One of the panelists, Sabine Louét
of Science Pod, sparked a discussion | had afterwards with
two other press officers about the value we bring compared to
what can be automated.

Louét showed examples of news content that was written by
Natural Language Processing, a sub-discipline of artificial
intelligence. For example, in 2014, the first news article
reporting a small earthquake in Los Angeles, California was
generated in this way, and others were created from crawling
data on street crime or climatic events. For those of us who
struggle with headline writing, A*STAR and Singapore Press
Holdings in Singapore may be able to help: they are using Al
to make headlines more engaging without resorting to pure
clickbait.

At Science Pod, they have software that can augment the work
A robot did not write this article. of a press officer by automatically creating a lay summary of a

Copyright : ktsdesign/123rf research article. In this way, it demystifies the original research
much like a press release.
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THANKS!

Nobuko Miyairi
nobuko.@miyairi.info



