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Who tweets about science ?
• Astrophysicists on Twitter (Holmberg & al., 2014)

• Coding users based on Twitter bios (Tsou & al., 2015)

• Identifying Twitter bots (Haustein & al., 2016)

• SNA of follower networks of users tweeting articles 
(Alperin & al., 2018)

• What, Who, How, When and Where of Twitter metrics 
(Haustein, 2018)



Climate research on Twitter

• IPCC 5th Assessment Report
• Communities emergence and discourse (Pearce & 

al., 2014)
• Communities and campaign evolution (Holmberg & 

Hellsten, 2016a)

• Topics and meanings by communities (Holmberg & 
Hellsten, 2016b)

• Identifying actors discussing the AR5 (Newman, 2016)

• COP21
• Visual Data Analysis (Hopke & Hestres, 2018)



Research questions
• Who are the users

sharing climate research
on Twitter? 

• How to identify users
with keywords retrieval
in Twitter bios? 

• Focus on lay-users



Datasets and Methods

Other disciplines data retrieved from Haustein, S. (2018). Scholarly Twitter Metrics. In W. Gl.nzel, H.F. Moed, U. Schmoch, & M. Thelwall (Eds.), 
Handbook of Quantitative Science and Technology Research , Springer. 40 pages. Retrieved from https://arxiv.org/abs/1806.02201v2

• Two datasets of papers/users/tweets for 2015-2016
• Keywords in titles and abstracts

• Keywords in titles only
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Datasets and Methods
• Codebook development
• Keywords matching in SQL

# Identify users as researchers/academics/students

WHERE ((t.Author_Description_Cleaned LIKE '%professor%' AND NOT 
t.Author_Description_Cleaned LIKE '%professors%') 
OR (t.Author_Description_Cleaned LIKE '%prof%' AND NOT
(t.Author_Description_Cleaned LIKE '%professional%' OR 
t.Author_Description_Cleaned LIKE '%profit%')
OR (t.Author_Description_Cleaned LIKE '%postdoc%')
OR (t.Author_Description_Cleaned LIKE '%PhD%')
OR (t.Author_Description_Cleaned LIKE '%Ph.D%')
OR (t.Author_Description_Cleaned LIKE '%doctoral%')
OR (t.Author_Description_Cleaned LIKE '%grad student%' AND NOT 
t.Author_Description_Cleaned LIKE '%grad students%')

# And so on

https://figshare.com/articles/1st_Codebook_users_-_Climate_research_Twitter_xlsx/7166369


Results - Users

Academics

28.3% (t & a)

28.6% (t)

Communicators

9.7% (t & a)

9.1% (t)

Bots

1.7% (t & a)

1.4% (t)

Publishers

1.6% (t & a)

1.3% (t)

Institutions

17.4% (t & a)

17% (t)

Professionals

2.4% (t & a)

2.4% (t)

Unidentified
users

39.2% (t & a)

37.8 % (t)

?

Identified users

49,429 users – 60.8% (t & a)

19,944 users – 62.2% (t)

Lay-users
29.8% (t & a)

29% (t)

8.9% 
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Results - Methods
• Codebook building –> iterative process
• Context of keywords

• Categories overlap

• Lay-users -> category or anti-category?



Results - Methods



Conclusion
• Limitations
• Codebook accuracy – iterative process
• Overlapping categories
• User dependance
• Language issues

• Users sharing climate research on Twitter
• Significant engagement by lay-users
• Other potential categories
• Lay-users = anti-category?



Conclusion
• Future research
• Reviewing results for future iterations
• Matching categories
• Codebook development
• Lay-users -> anti-dictionnary
• SNA for research sharing networks (Alperin et al., 2018)
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Thank you!


