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Appendix I: Coding Scheme for the Type of Participants

Table 1

Definitions and examples for each category of accounts

Account Category

Definition

Example

Governmental accounts

Including all accounts related
to the
including

state  institutions,
State

accounts, official groups, and

media

financed or partly financed
by the State.

People’s Daily (AR HTR), Global
Times (34 EK B} % ), The Central
Committee of the Communist Youth
League of China (37 [H]H 1),
Guancha ( W %2 # ™ ), Yuyuan
Tantian (EJHFEK).

Organizational accounts

Including NGOs, educational
institution, commercial
institution, media outlets with

non-governmental

WWF (HF H R %), Institute
of Atmospheric Physics Chinese
Academy of Science (H'F}fE KA
Yy B #F 5C BT ), North American

popularizer of science, and
individual accounts that are
affiliated  with
institution.

not any

background. Student Daily (dt3€ 8 2428 HiR),
subtitle translation groups (7-%41),
etc.
Individual accounts Including scientists, | FDU Zhao Bin (& H #®), Dr.

Dai’s Lab (#1# 15050 =), etc.
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Appendix II: The List of Nodes and Attributes (Degree Centrality and Modularity Class) in
GW and CC Semantic Networks

Table 2

GW Semantic Network Nodes and Modularity Data

Id |Label degree modularity class
74 |China 57 13
65 |the United States 34 13
92 | development 26 13
16 |environmental protection |25 13
15 |country 21 13
114 | Japan 16 13
52 |emission 15 13
41 |environment 13 13
64 | carbon emission 13 13
63 |feel 10 13
94 (world 8 13
5 |indeed 6 13
58 |pollution 6 13
81 |place 5 13
148 [ Russia 5 13
40 |economy 4 13
123 | industry 4 13
127 | India 4 13
69 |per capita 3 13
103 | the Western countries 3 13
140 | energy 3 13
76 |garbage 2 13
139 | fuck off 2 13
141 | forest 2 13
159 | Jing Chai 2 13
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162 | weapon 2 13
163 | Donald Trump 2 13
164 | coastal 2 13
169 | marketing 2 13
172 | weather 2 13
30 (plant trees 1 13
108 | like 1 13
134 | desert 1 13
136 | please 1 13
167 | movie 1 13
14 |ecarth 109 5
34 | global warming 26 5
39 |globe 25 5
6 |temperature 22 5
21 |impact 18 5
47 |carbon dioxide 17 5
97 |climate 14 5
151 | hot 12 5
27 |result in 9 5
154 | degree 9 5
49 |gas 6 5
50 |sea level 6 5
53 |temperature 6 5
105 | air conditioning 6 5
116 | north pole 6 5
43 |climate warming 5 5
96 |[change 5 5
137 | warming 5 5
152 | cold 5 5
24 |[sun 4 5
48 |greenhouse 4 5
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90 |cause 4
153 | winter 4
7 |summer 3
45 | greenhouse effect 3
46 |absorb 3
56 |city 3
62 |time 3
83 |data 3
100 | plants 3
165 | hour 3
176 | Vladivostok 3
28 |[speed 2
78 |matter 2
82 |increase 2
101 | atmosphere 2
120 | more and more 2
131 | methane 2
23 |heat 1
26 |energy 1
54 |elevate 1
55 |sea 1
115 | teacher 1
119 | at first 1
138 | hours 1
157 | high temperature 1
3 |humanity 109
8 |melt 13
2 |glacier 10
18 |protection 8
142 | virus 7
67 |animals 6
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146 | species

147 | extinct

59 |living things
104 | solve

110 | seem

144 | future

9 |someone
29 |decrease

31 |hope

33 [just

44 |[nature

75 |life

93 |stuff

95 |relationship
150 | south pole
161 | history

12 |method

13 |change

20 |climate change

22

protect environment

32 | popularization of science
36 |[save

51 |survive

61 |destroy

77 |resources
87 |civilization
88 |extinction
91 |era

106 | after all
112 | disaster
122 | region
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126

event

130

discover

133

happen

135

walk

143

ancient times

145

technology

155

technique

158

several years

160

research

35

why not

42

science

70

situation

80

developed countries

84

ecology

107

opinion

111

water

117

capacity

128

society

132

control

175

polar bear

Table 3

CC Semantic Network Nodes and Modularity Data

Id |Label Degree modularity_class
6 |someone 6 0
14 | environmental protection |122 0
23 | movement 7 0
31 [society 9 0
36 |level 4 0
52 |concern 4 0
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80 |more and more 5 0
91 [name-calling 4 0
93 [solve 10 0
97 |alot 2 0
109 | organization 5 0
126 | politics 17 0
129 | correct 4 0
137 | money 7 0
150 | white left 4 0
157 | propaganda 2 0
159 | garbage 10 0
165 | method 8 0
169 | plant trees 15 0
174 | industrialization 5 0
179|you 8 0
183 | march 7 0
184 | speech 6 0
185 | how 6 0
186 | dare 6 0
188 | plane 2 0
190 | Sweden 6 0
192 | students' strike 6 0
193 girl 3 0
1 |water 5 1
2 |impact 26 1
4 | climate change 6 1
5 | protect environment 10 1
7 |climate 19 1
8 |why not 2 1
9 [environment 41 1
10 |polar bear 3 1
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11 |melt 5
12 |resultin 13
18 |happen 4
20 |earth 110
22 |sun 4
24 |science 5
25 | humanity 128
26 |future 6
27 |destroy 2
28 |life 14
35 |protect 18
39 |technology 5
42 |species 14
43 |extinct 17
45 |globe 16
47 |meaning 4
49 |change 7
53 [nature 14
57 |carbon dioxide 9
63 |save 15
69 |global warming 9
73 |alter 6
74 |seem 7
76 |words 9
77 |increase 4
79 |animals 19
82 [research 4
88 |[energy 4
92 |relationship 4
96 |civilization 6
98 |discover 6
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101 | utilize 12
103 | understand 7
105 | teacher 7
107 | nuclear fusion 2
110 | emit 4
112 | effect 5
113 destruct 12
114 | have you ever 2
116 | living things 21
118 | forever 5
122 | sea 5
130 | propose 6
152 | petroleum 4
163 | solar power 2
166 | decrease 15
167 | capacity 3
171 | resources 6
189 | plants 20
3  |news 3
13 | emission 17
15 |emission reduction 9
16 |country 83
19 |world 25
21 |sea level 6
30 |just 7
32 |pollution 11
33 | matter 8
34 |way 4
37 |feel 15
40 ([Japan 22
44 |city 5
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46 |industry 9
48 |cause 5
50 |stuff 9
51 |carbon neutral 10
54 |situation 2
55 [time 10
58 |carbon emission 46
59 [Donald Trump 4
60 | history 11
61 |hope 12
62 |please 5
64 |speaking 3
65 |per capita 15
67 |air 2
68 |disgust 3
70 |scientist 7
71 |play 5
72 |after all 9
75 |like 7
78 |[indeed 11
81 |several years 4
83 | profession 4
84 [know 6
85 [era 4
86 |data 3
87 |walk 3
89 |opinion 4
90 |development 53
94 |estimate 3
95 |local 7
100 | support 9
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102 | at first 4
104 | endeavor 3
106 | region 3
108 | kids 5
111 | public intellectuals 4
115 | our country 7
117 | technique 12
119 | hour 5
120 | China 181
121 | find 5
123 | Europe and America 6
124 | Western countries 61
125 | the United Kingdom 8
127 | professor 3
128 | the Soviet Union 3
131 [the USA 148
132 | media 3
133 | foreign 2
134 | Russia 2
135 | not work 4
136 | within the country 6
138 | this year 3
139 | president 3
140 | Germany 8
141 | economy 7
142 | Europe 6
143 | benefit 5
144 | the European Union 4
145 | France 3
146 | deputy 3
147 | developing countries 11
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148 | whole world 4
149 | buy 3
151 | Joe Biden 2
153 | citizens 3
158 | government 8
160 | generate electricity 2
161 | energy source 11
162 | forest 12
164 | carbon 17
168 | efficiency 1
172 | developed countries 13
173 | Australia 7
175 | burn 3
176 | thanks 4
177 | protest 5
178 | population 3
180 Jing Chai 8
181 | the United Nations 3
187 | tree 4
17 |waste 7
29 |suggest 5
38 |meat 5
41 | popularization of science |7
56 |rainforest 7
66 |shame 3
99 |sorry 11
154 | Brazil 9
155 | capital 7
156 | PaperClip 39
170 | eating meat 11
182 [ FALSE 4
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191 | paperclip
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Appendix IV: Validation Checks

Given that our study includes eight emotions, it is very difficult for human annotators to handle
when using multiple emotion categories. Thus, we randomly selected 200 comments from our
dataset as the sample for the robustness check and employed ChatGPT as another annotator. Then
we compared the output of ChatGPT and the NRC emotion lexicon. The results indicate a moderate

agreement between the outputs of the two methods.

Table 4

The percent agreements between the outputs of ChatGPT and the NRC Emotion Lexicon for each

emotion

The Percent Agreement between ChatGPT and
the NRC Emotion Lexicon
Anger 62.1%
Anticipation 49%
Disgust 62.6%
Fear 63.1%
Joy 64.6%
Sadness 64.1%
Surprise 51.5%
Trust 58.1%
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